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Most program interventions are intended to change the characteristics
of the recipients on a program, to change the caseload of the program,
or both. In the case of welfare programs, most of the major interven-
tions of policy interest over the past twenty years, both those that have
been implemented as well as those that have only been proposed or
tested, have been aimed at the twin goals of increasing the labor supply
and earnings of welfare recipients and of the low-income population in
general, and reducing welfare caseloads. However, most of the designs
of program evaluations, both those using experimental methods and
those using nonexperimental methods, have focused considerably more
attention on the former goal than on the latter. Evaluations of a negative
income tax, for example, were primarily concerned with the effects of
such a program on labor supply. Evaluations of training programs for
welfare recipients, to take another example, have as their primary focus
the estimation of the effects of such programs on the earnings and
employment of trainees. The excessive focus on earnings and labor sup-
ply effects has led to a surprising, indeed disturbing, lack of attention
to effects on program entry. While considerable attention has been paid
to program effects on exit rates from welfare, estimation of the effects
of a program intervention on the caseload requires the estimation of
effects on the program entry rate as well as the exit rate; both together
determine the caseload effect. Entry effects may be particularly impor-
tant in the Jong run, for such effects may develop gradually as the
eligible population becomes aware of the program change put in place
by the intervention.

The evaluation of the effect of an intervention on program entry, or
on the caseload as a whole, requires very different methods than an
evaluation of its effects on earnings or labor supply. Most evaluation
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designs for the estimation of earnings and labor supply effects are based
on an examination of individuals who are on the welfare rolls; this is
natural since the treatments under consideration (training, for example)
can only be received by those who are welfare recipients. However,
such an approach precludes the estimation of entry effects, for such
estimation requires an examination of the extent to which those off the
rolls go onto them in greater or lesser numbers than was the case prior
to the intervention.

It is also possible that the earnings and labor supply effects estimated
with conventional designs are themselves adversely affected by the ne-
glect of attention to program entry. For example, if program entry rates
increase as a result of an intervention, and if those who newly enter the
rolls have systematically different earnings and labor supply effects than
those initially on the rolls, the final average earnings and labor supply
effects will be altered. In addition, if a conventional design is used to
study the effect of an intervention on program exit rates—by examining
the rate at which those on the rolls move off them—the estimates so
obtained may also be contaminated by program entry effects. If, again,
program entry increases and if those who enter the rolls have different
exit rates than those initially on the rolls, final program exit rates will
be altered. In both of these cases, proper estimation of earnings, labor
supply, and exit-rate effects cannot be obtained in the first place without
proper attention to entry-rate effects.

This chapter discusses evaluation methods for the estimation of the
effects of interventions on program entry. Methods for the evaluation
of such effects pose special difficulties and require attention to several
features of design that are quite different from those that usually gener-
ate attention. In the following section, the general issues involved are
illustrated by a review of several major past evaluations of the impacts
of interventions in the Aid to Families with Dependent Children (AFDC)
program. The subsequent section discusses possible evaluation designs
for the estimation of entry effects. The bearing of these issues on the
estimation of earnings effects is the subject of the next section. A sum-
mary and conclusions appear in the final section.

Past Evaluations of Welfare Interventions

Over the past twenty years there have been several major evaluations
of actual interventions in the AFDC program and of proposed interven-
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tions in welfare programs in general. These include (1) one set of exper-
iments of the work-incentive effects of benefit-reduction rates on labor
supply, the income maintenance experiments; (2) two sets of evaluations
of the major pieces of AFDC legislation prior to 1988, the 1967 Amend-
ments to the Social Security Act and the 1981 Omnibus Budget Recon-
ciliation Act (OBRA); and (3) one set of evaluations of the work and
training programs spawned by the OBRA legislation, best exemplified
by the experimental evaluations conducted by the Manpower Demon-
stration Research Corporation (MDRC).! In addition, evaluations are
currently under way or in the planning stage for the most important
recent piece of AFDC legislation, the Family Support Act of 1988.

Despite the high quality of many of these evaluations in numerous
respects, not a single one has addressed the issue of entry effects.

Income Mawntenance Experiments. The income maintenance experiments
were tests of the effect of a negative income tax on labor supply; they
were conducted in four different locations during the 1960s and 1970s
(for reviews see Moffitt and Kehrer, 1981; SRI International, 1983). The
explicit aim of the experiments was to estimate the effect of lowering
the benefit-reduction rate on work incentives, although implicitly it was
understood that the public goal behind such an intervention was to
lower the caseload as well. The experiments were conducted by ran-
domly assigning members of the low-income population in the different
areas to experimental and control groups, the former to receive the
negative income tax with its lower benefit-reduction rate and the latter
to receive only the then-existing set of welfare benefits.

The experimental design reflected a lack of interest not only in entry-
rate effects but in participation-rate effects in general. Specifically, in
all of the evaluations the members of the experimental group were not
permitted not to receive payments to which they were financially enti-
tled. To maintain compliance with the rules of the experiment and to
avoid being terminated from the experiment by the program operators
for noncompliance, all families were required to submit income report
forms on a monthly basis. If the income of the family was sufficiently
low to warrant a payment, a check was automatically issued. A family
not wishing to participate had only the option of attrition, in which case
no further information on its status would be collected by the survey

1. There have been many other evaluations of AFDC and other interventions; these
are only those that are best known. See Chapter 1 in this volume by Greenberg and
Wiseman for a survey of others following OBRA, and see Moffitt (forthcoming) for a
survey of other training evaluations such as Supported Work.
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staff. Consequently, it was not possible in the income maintenance ex-
periments to estimate the participation rate in a negative income tax,
much less how that participation rate would be decomposed into exit
and entry rates.?

It is also possible that the experimental labor supply estimates were
affected by this defect of the design. In a program instituted on a na-
tional level, participation among eligibles would not be required and
would certainly be less than 100 percent. Consequently, some of those
receiving payments in the experiments, whose labor supply was there-
fore affected, would probably not parrticipate in a nationally imple-
mented program. If it were the case that such nonparticipants had sys-
tematically different responses to the experiment than did those who
would participate in a national program—for example, if they had
stronger desires to work off the rolls and hence had lower responses to
the negative income tax—the average labor supply effect estimated in
the experiments would not be a correct estimate of that which would
obtain in a national program.

If the experiments had considered designs that would permit the
estimation of participation-rate effects, a fundamental dilemma would
have appeared which arises in virtually all experimental evaluations,
including those discussed below (for example, the welfare employment
evaluations conducted by MDRC). If an experiment had been con-
structed to permit estimation of the participation rate, the randomiza-
tion would have had to be conducted on the eligible population—as
opposed to only participants—and the members of the experimental
group would have had to be permitted not to receive benefits (that is,
the treatment would be only the offer of benefits, not their receipt).
Unfortunately, this would permit an “experimental” estimate only of
the effect of the intervention on the combined labor supply of partici-
pants and nonparticipants in the experimental group; an experimental
estimate of the labor supply effect on only those who participated in the
program would not be obtainable.? On the other hand, if randomization

2 Families were permitted to move above the break-even level and retain enrollment
m the experiment, but they were not permitted to move off the program while below
break-even. In the control group, on the other hand, many women below the AFDC
break-even did not participate in AFDC, a characteristic common to most AFDC-eligible
populations (see, for example, Moffitt, forthcoming)

3 If it could be safely assumed that the labor supply levels of nonparticipating experi-
mentals were unaffected by the treatment, an estimate of the labor supply effect for
participating experimentals alone could be obtained But this is an extra assumption that
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were conducted only on recipients, the self-selection problems discussed
previously would arise.

1967 Social Security Act Amendments. The 1967 amendments to the So-
cial Security Act contained a number of provisions; one of the most
prominent was the lowering of the nominal benefit-reduction rate in the
AFDC program from 100 percent to 67 percent, a provision intended
to provide work incentives similar to those of a negative income tax.
Evaluation methodology was at a very early stage of development in
the late 1960s and early 1970s, and hence only a few evaluations were
conducted of the amendments, without the benefits of later method-
ological developments.

Appel (1972) and Smith (1974) examined aggregate data on the em-
ployment rates of welfare recipients in one state, Michigan, before and
after the amendments. The object was to determine whether the em-
ployment of recipients was increased by the lowering of the benefit-
reduction rate. Unfortunately, such a methodology is seriously flawed
because the caseload after the amendments may have included new
entrants who came onto the rolls to take advantage of the ability to
work while on AFDC. Those new entrants may, for example, have been
working the same amount while off AFDC and may have come onto the
rolls simply to collect benefits.* Clearly the use of aggregate data does
not permit the elimination of such compositional effects. A later study
by Bell and Bushe (1975) used individual microdata, but only from a
series of independent cross sections of the AFDC caseload conducted
during the late 1960s and early 1970s. Again, the comparison of work-
effort levels of recipients before and after the amendments in the suc-
cessive waves of the microdata was contaminated by changes in composi-
tion and entry onto the rolls by workers. These studies show that it is
panel data, not microdata per se, that are necessary to estimate entry
effects in this type of analysis.

OBRA Evaluations. The 1981 OBRA legislation had a number of im-
portant features, but the major change in the AFDC benefit formula was
the reinstitution of a nominal 100 percent benefit-reduction rate on

does not follow from the randomization itself, and must be justified independently of the
randomization Indeed, in some evaluanons the assumption is obviously unwarranted

4 This type of movement has been extensively discussed in the context of a negative
income tax, for a lowering of the benefit-reduction rate 1s now known to create work
disincentives through 1ts attraction of new entrants at the same time that it creates work
incentives for those initally on the rolls. See Levy (1979) and Moffitt (forthcoming).
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earnings (at least after four months of work). An important question
was whether this change would induce reductions in work effort among
AFDC recipients, many of whom were working at the time of the legisla-
tion and could retain eligibility for benefits only if they stopped working.

Of the several evaluations of the legislation that were conducted, per-
haps the best was that carried out by the Research Triangle Institute
(RTI, 1983). The RTI design was based on a before-and-after examina-
tion of two cohorts. The first cohort was a nationally representative
sample of AFDC recipients who were on the rolls just prior to the imple-
mentation of the OBRA legislation. The second (comparison) cohort was
a similarly representative sample of AFDC recipients on the rolls one
year prior to the first cohort. Both cohorts were followed over time,
and their recipiency and work status were examined one year later to
determine what percentage of recipients had left the rolls permanently
and what percentage were still on the rolls but had moved from work
to nonwork. The estimates of the OBRA effect on both the exit rate and
the move-to-nonwork rate were based on a comparison of those rates
in the “OBRA” cohort to those in the “pre-OBRA” cohort.

Although there are many issues surrounding this nonexperimen:u
design, for present purposes the most important is its failure to permit
the estimation of entry-rate effects of the legislation. Such effects should
be expected to be present, for just as the 1967 amendments may have
drawn new entrants onto the rolls who wished to work, the OBRA legisla-
tion should have been expected to discourage potential recipients who
wished to work from joining the rolls. Just as the RTI design permitted
the comparison of the exit rate in the OBRA cohort to a presumably
“normal” exit rate in a pre-OBRA cohort, there should have been a
comparison of the entry rate into AFDC in the OBRA period with a
“normal” entry rate measured in the pre-OBRA period. That compari-
son could have been partially accomplished by the enrollment of replen-
ishment samples each month to both the OBRA and pre-OBRA cohorts,
as discussed later in this chapter. In any case, the RTI design thus did
not permit the estimation of entry-rate effects nor, therefore, the net
effects of the legislation on the AFDC caseload.’

MDRC Work-Welfare Experiments. The MDRC work-welfare experi-
ments are reviewed in some detail by Greenberg and Wiseman in Chap-

5. For more detailed reviews of the OBRA evaluations, see Hutchens (1986) and Moffitt
(1984, 1985).

O T R
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ter 1 of this volume (see the references therein). The experiments were
designed to evaluate the effects of welfare employment programs in
eight different sites around the country. The programs were authorized
by the 1981 OBRA legislation and provided various forms of job search,
training, or work experience to AFDC and AFDC-UP recipients. The
major goal of the evaluations was to estimate the effect of the various
programs on the earnings of recipients, but effects on the exit rate
from AFDC and the reentry rate onto the rolls (“recidivism”) were also
examined. The evaluation design was based on a randomization of indi-
viduals into experimental and control status, with experimentals receiv-
ing the new program and controls generally receiving existing services.
However, the point of randomization varied across sites. In some, the
randomization was conducted at the point of application for AFDC; in
others, it was conducted at the point of certification of eligibility for
AFDC, after some applicants had voluntarily dropped out of consider-
ation or had been denied eligibility. In yet others, it was conducted
at the point of reevaluation of eligibility, at the point of transition to
mandatory program eligibility status, or after intensive recruitment for
the program (see Greenberg and Wiseman, Chapter 1 of this volume.)®

Although the MDRC work-welfare experiments were admirably de-
signed in many respects, they were little better than the prior evaluations
discussed thus far in their provision for the estimation of entry effects.
The randomization—at whichever point—was conducted only on AFDC
applicants or recipients, and therefore no direct estimate of entry effects
could be obtained. The estimates of effects on recidivism provided some
information on reentry among those initially on the rolls, but it obvi-
ously did not provide information on entry-rate effects for those not on
the rolls at the time of the experiment. Moreover, it is possible that
exit-rate and recidivism effects in a national program would be different
from those estimated in the experiment. If, for example, a national
implementation of one of the programs tested were to increase the entry

6 In addition to creating some difficuities in interpreting the results across experi-
ments, these differences in the points of randomization raise difficulties similar to those
that would arise 1in 1ncome maintenance experiments that enroll eligibles rather than
participants. For example, estimates of earnings effects for the subsample of an experi-
mental group that actually recerves and completes training are not possible without con-
ducting an essentially nonexperimental analysis of differences in earnings within the ex-
perimental group. Note as well that the zero-effect assumption discussed in note 3 1s
unlikely to hold here These 1ssues are also discussed by Greenberg and Wiseman.
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rate, and if the new entrants had systematically different exit and recidi-
vism rates than did those initially on the rolls, the long-run effects on
such rates would be different from those estimated in the experiment.
Likewise, as discussed previously for other evaluations, the earnings
effects estimated in the MDRC experiments might be quite different
from those that would obtain in a national program if the entry rate
were to change and if those who were to enter (or not enter) a national
program had systematically different earnings responses to training
than did the recipients on the rolls during the experiments.

It is worth noting that the entry, exit, and net caseload effects of
welfare employment programs of the types tested in the MDRC experi-
ments are not predictable a priori and can only be determined by direct
evaluation. The net effect is likely to be determined by the interplay of
two separate forces.” On the one hand, the effect of such programs on
the AFDC entry rate would depend on the net present value of the
training or other employment opportunity to the recipient, taking into
account the changes in current and future benefits, earnings, and work
effort associated with the program. If that net present value were posi-
tive, the AFDC entry rate would tend to increase and the exit rate would
tend to decrease; if it were negative, the opposite would tend to occur.?
On the other hand, the positive earnings impact of the training itself
would work to decrease future entry and increase exit, thus working in
the opposite direction. That the net effect of these forces cannot be
known without analysis serves to underscore the importance of estumat-
ing entry effects as a part of any complete evaluation of welfare employ-
ment programs.

Family Support Act of 1988. Evaluations of the Family Support Act have
not been completed at this writing. However, the major components of
the Act have a clear potential for entry-rate effects. The JOBS compo-
nent of the Act, which mandates the implementation of certain types of
welfare employment programs in all state AFDC programs, should affect
entry rates and the caseload in a manner similar in type, though obvi-
ously not necessarily in magnitude, to those just discussed for welfare
employment programs in general. As before, an estimate of these entry
effects is required in order to obtain an estimate of the effect of the

7. I have discussed these 1ssues i more detail previously (Moffitt, forthcoming).
8 Greenberg and Wiseman (Chapter 1 m this volume) report several negauve net
present values in the MDRC experiments.
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JOBS program on the long-run AFDC caseload. Two other components
of the legislation that may induce entry effects are those mandating
transitional child-care and Medicaid coverage for up to 12 months after
leaving the AFDC rolls. As discussed elsewhere (Moffitt and Wolfe,
1990), Medicaid extensions have the potential to induce entry onto the
rolls because they make the program more attractive to potential recipi-
ents. Child-care extensions have the same possible effects. The magni-
tude of these entry effects would certainly be affected by the magnitude
of the benefits made available in the extensions, the fraction of recipi-
ents receiving them, and, as a timing issue, how quickly knowledge of
these extensions would percolate through low-income communities.
Thus estimation of entry effects should permit an assessment of the
time pattern of response as well as its short-run magnitude.

Evaluation Methods for Program Entry Effects
General Considerations

A formal mathematical model of entry onto and exit from the rolls of
a welfare program is outlined in Moffitt (1990). That model is not neces-
sary to an understanding of the discussion that follows but does provide
a mathematical framework for it.

There are three significant implications of the model for the evalua-
tion of program entry effects of an intervention. First, the decision-
making process on the part of an eligible individual is made on the
basis of the same factors that affect the process for decisions regarding
program exit—namely, relative incomes, benefits, and other factors that
are different on welfare and off welfare. This obvious conclusion is
nevertheless important because it provides a prima facie case that pro-
gram effects on exit and on entry will be correlated in sign, if not in
magnitude. To hypothesize, for example, that an intervention such as
a welfare employment program may affect exit but not entry requires
hypothesizing that individuals do not follow the same decision-making
process when deciding whether to go onto welfare as they do when
deciding whether to go off. Or, to take another example, if Medicaid
and child-care extensions are important enough to affect AFDC recipi-
ents’ relative valuations of staying on versus going off AFDC, it should
be expected that they will also be important enough to affect potential
recipients’ relative valuations of going on versus staying off. If such
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extensions are so minor compared to the other factors determining rela-
tive valuations that they do not significantly affect entry decisions, they
are unlikely to be sufficiently important to affect exit decisions as well.
Second, the evaluation of the effects of interventions on exit rates—at
least those interventions that affect the individual only while on
welfare—can be conducted by examining either the effects of the offer
of an employment program while on the rolls, or the effects of actual
receipt of services from such a program; but the evaluation of the effects
of such interventions on entry rates can be conducted only by examining
the effects of an offer of an employment program should the individual
choose to go on welfare.® This has important implications for the types
of evaluations that must be conducted to estimate entry effects.
Third, if entry effects are present, the short-run and long-run effects
of an intervention are almost certain to be different. An intervention
that causes individuals either to enter the rolls in greater numbers or to
decline to apply for welfare in greater numbers will affect the types of
individuals who end up on the welfare rolls. This, in turn, may affect
future exit rates and earnings impacts. Moreover, it should be expected
that entry rates will change over time as the intervention remains in
place, not only because knowledge of it will become more widespread
but also because the program will be in place for potential recipients at
earlier points in their lifetimes. When an intervention is first introduced,
both existing recipients and nonrecipients will have already made many
decisions on the basis of the program during their lifetimes prior to
the intervention. Existing nonrecipients, for example, may have already
made a considerable commitment to working while off welfare for sev-
eral years and therefore may not find it advantageous at a late stage to
consider entering AFDC even if it offers an attractive training opportu-
nity. But women just reaching maturity, or just entering their first speil
as a head of household, with little work experience or AFDC history,
may find such an opportunity more attractive. When those women reach
the same age as the older nonrecipients were at the time of the interven-
tion, they may have higher stocks of human capital and higher wages.
In the long run, obviously, all women will have matured with the inter-
vention in place over their entire lifetimes.'® Thus the immediate effects
of an intervention may be quite different from the long-run effects.

9. Of course, the employment program may be mandatory if an individual is on wel-
fare, but the welfare participation decision itself will always be voluntary.

10. Perhaps more obviously, existing recipients at the time of the intervention who
have been on welfare for many years may have suffered considerable declines in their
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Evaluation with Expervmental Methods

Evaluations using experimental methods have a powerful attraction for
program evaluation in general. Experiments have the twin advantages
of providing a treatment variable that is assured to be at least condition-
ally independent of the unobservables in the sample, and of permitting
the investigator to manipulate the treatment so as to be able to examine
program variation that may not have naturally occurred in ongoing
programs. Despite these advantages, however, experimental designs are
less advantageously placed for the estimation of program entry effects
than for the estimation of other outcomes. As noted earlier, experimen-
tal evaluation of program entry requires randomization of the offer,
rather than the receipt, of program services within a sample of the
eligible population—since the individual has to be on welfare to receive
services—and it is unlikely that this will be feasible in a conventional
experimental design where randomization takes place within sites but
across individuals. Because the spread of knowledge within community-
wide information networks is likely to be an important intervening vari-
able in the program entry mechanism, individualized offers of treat-
ments are unlikely to replicate adequately the program environment
that would obtain in a permanent community-wide program.
Randomization across sites is therefore the only mechanism by which
experimental methods are likely to generate adequate estimates of pro-
gram entry effects—and, therefore, adequate estimates of net participa-
tion and caseload effects.!’ The difficulties with such saturation experi-
ments are all of a practical rather than a theoretical nature. In saturation
experiments the nature of the treatment is difficult to control and to
standardize across sites; costs are likely to be very high; cooperation
from local agencies may differ across sites in a way that generates selec-
tion bias; and, most important, it is generally quite difficult to obtain
the sample sizes necessary for adequate statistical power of the treatment
impact estimates. These and other difficulties with saturation-site de-
signs have often been discussed in the literature (for example, by Orr,

labor force skills, but those women who are recipients some time after the intervention
will have already had exposure to traming programs and therefore may have higher skill
levels.

11. Of course, the offer may be quite different to different groups of individuals within
a site. For example, potential recipients with children greater than or less than 3 years of
age will face different “offers” from the JOBS program But differences in the entry-rate
responses between such groups cannot be separated from the effects of children them-
selves.
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1988; see also Chapter 7 in this volume by Garfinkel, Manski, and Mi-
chalopoulos). The sample-size problem is particularly important, and it
is made worse if the experimental design calls for stratification by type
of area, as it often does. Unfortunately, the number of relatively large
urban areas in the United States is finite and small.'?

The problem of sample size is often addressed by sampling a relatively
small number of areas but selecting pairs of sites matched on a set of
observable site characteristics. Unfortunately, although matching proce-
dures in general and paired-site matching procedures specifically have
advantages in improving statistical efficiency and the precision of the
estimates obtained in the evaluation, the sample sizes are still typically
quite small and far less than required for adequate statistical power. It
would be preferable, for example, to match many sites on each set of
observable characteristics, not just two sites per set, but this is rarely
feasible.

An additional difficulty with experimental estimation of program en-
try effects is the problem of limited experimental duration, which is
discussed extensively in the literature on the income-maintenance and
other large-scale social experiments in the 1970s. Long-run program
entry effects are likely to be estimable only if the experiment is allowed
to operate for a considerable period of time, thereby permitting knowl-
edge of the change in the program to percolate through the eligible
population and allowing the types of individuals who are on and off the
rolls to change, as noted previously. Most experiments are not in place
for sufficiently long periods for this to occur, even if the duration of
the experiment were made part of the treatment design. Indeed, this is
a case where estimated program entry effects are more likely to be
accurate in the evaluation of an ongoing, permanent program than in
the evaluation of one that is new and temporary.

12. For example, assuming equal numbers of treatment and control sites, the sample
size of each necessary for a given power of the estimate of a difference in means 1s
2(at/a)?, where o 15 the standard deviation of the outcome variable, ¢ 1s the level of t-staustic
(power) desired, and a is the size of treatment impact to be detected To take the case of
earnings, if the desired ¢-statistic 1s 2, the expected treatment impact 1s $1,000 annually—
about the maximum obtained in the MDRC work/welfare experiments—and ¢ 1s, for
example, $3,000, the necessary sample size 1s 72, or 144 for the treatment and control
sites combined. If ¢ were much lower, say $1,000, a combined sample of 16 sites would
be necessary This exceeds the number of sites in virtually all past saturation experiments
that have been implemented.
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Evaluation with Nonexperimental Methods

Evaluation of entry effects with nonexperimental methods will in most
cases require that there be natural variation in program services (“natu-
ral experiments”).!® Since the evaluation of entry effects requires varia-
tion in the offer, rather than the receipt, of services, this implies once
again that cross-site or geographic differences are likely to be the major
sources of such natural variation. It is well known that the major diffi-
culty with such variation is that it may not be independent of other
factors determining the outcome—in this case, entry rates. The valid
estimation of treatment effects in nonexperimental analyses therefore
requires, at minimum, “more” data than does estimation in experimen-
tal analyses because these other factors must be measured (see Mofhutt,
1990, for 2 mathematical formulation). Natural variation is more likely
to be dependent on variations in welfare histories of the populations,
welfare benefit levels and other welfare characteristics, labor market
characteristics, and the socioeconomic characteristics of the populations
across the sites. At best, suitably exogenous variation in treatment char-
acteristics across sites will be available only conditional on these types of
variables, and therefore they must be measured and controlled in the
analysis for valid impact estimates to be obtained. Such data collection
generates an extra cost of nonexperimental methods relative to experi-
mental methods, although one that is unlikely to outweigh the cost of
operating experiments in as large a number of sites as could be analyzed
nonexperimentally.'* However, it remains the case that in many nonex-
perimental analyses the requisite data on welfare histories of the popula-
tions in different sites, for example, have not been collected, a sign
that there must be significant costs involved. In addition, at worst, even
significant data collection and control for site variables may not be suffi-
cient to absorb all the unobservables on which cross-site treatment varia-
tion is dependent.!’

13 Longitudinal data can in some arcumstances also serve this funcuon See Heckman
and Robb (1985a, 1985b), Heckman and Hotz (1989), and Moffitt (1991)

14. An mportant determiant of the costs of operating saturation experiments is the
extent to which the program costs themselves are borne by the experimental funders or
the sites In the case of ongoing programs, the sites themselves are surely to pay for much
of the cost, although their compliance in the experiment may require heavy subsidy See
Chapter 2 by Hotz in this volume for a discussion of the JTPA experience in this regard

15. The relative data demands of experimental and nonexperimental analyses have
been discussed previously in Moffitt (1991) That paper also summarizes the arguments
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An additional cost of estimating entry effects, whether experimentally
or nonexperimentally, is the cost of collection of data on nonrecipients
themselves. Obviously the direct calculation of entry rates requires sam-
ples from that group. Unfortunately, household surveys in a large num-
ber of sites, particularly surveys that collect the detailed histories neces-
sary for adequate nonexperimental control, are difficult and costly.
This is in contrast to data collection for recipients, for whom administra-
tive data will provide much, though not all, of the desired information.
To be sure, large surveys are not necessarily required, for the sampling
rate of the nonrecipient population need not be as high as that of the
recipient population.’® In addition, in some cases it may be possible to
utilize information on nonrecipients from publicly available data sets
such as the Current Population Survey (CPS), the Survey of Income and
Program Participation (SIPP), and similar household surveys, possibly
matched to administrative records from the Social Security and AFDC
systems. However, in many cases the sample sizes in such data sets will
be too small for reliable estimation, particularly if the population under
study is highly restricted. An additional disadvantage of these data sets
is that they do not contain as detailed information on participation his-
tories as could be obtained with a new household survey, although an
advantage is that they are available historically—new household surveys
that attempt to capture characteristics of past states of nonrecipiency
are unlikely to be reliable. In addition, sole use of such publicly available
data sets for program evaluation invariably leads to delay in the analysis,
a disadvantage from the policymakers’ point of view.

Analysis with Program Data Only. In light of the potential expense and
difficulty of collecting information on the nonrecipient population, it is
worth considering the possibility of evaluating entry effects with admin-
istrative data from the welfare system alone. Many evaluations rely heav-
ily if not exclusively on such administrative data, a prominent example
being the RTI OBRA evaluation discussed previously. Some evaluations
also supplement the administrative data with household survey informa-

of Heckman and Hotz (1989) regarding the methods that can be used to ascertain when
“enough” variables are available to warrant confidence in nonexperimental treatment-
effect estimates.

16. The literature on choice-based sampling has demonstrated that different sampling
rates of such populations can even improve statistical efficiency and can, 1n any case, be
adjusted for in the analysis of the data. See Manski and Lerman (1977), Manski and
McFadden (1981), Cosslett (1981), and, more recently, Imbens (1990).
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tion on the recipients while they are still on the rolls or after they have
left them. In any event, none of the major evaluations using administra-
tive data have attempted the estimation of entry effects, and therefore
it is not clear that such data can be used for that purpose.

Fortunately, administrative data can be used to address the estimation
of entry effects by making use of data on new entrants to the welfare
rolls. Subsequent to an intervention that varies across sites, variations in
the numbers of new entrants across those sites will refiect, in part, any
entry-rate effects that may have been induced by the intervention. How-
ever, variations in the numbers of new entrants may also reflect varia-
tions in the size of the eligible population. Nevertheless, treating that
size as an unobservable leads directly to a consideration of whether the
variation in treatment is independent of that unobservable, possibly
after conditioning on a set of observables that are correlated with that
size. In the lucky circumstance that treatment variation is independent
of that size, variations in the numbers of new entrants across sites will
permit valid estimates of entry effects. It is more probable, of course,
that conditioning on additional variables will be required. One source
of such variables will usually be aggregate data on population and other
site characteristics available from published or unpublished governmen-
tal data bases. But another obvious source of such variables will be past
values of the size of the welfare caseload and of new entrants into that
caseload. A simple control for prior size of caseload is sufficient to stan-
dardize roughly for cross-site variation in numbers of new entrants by
size of the population, and additional historical series on caseload sizes
can be used to control for variations in growth rates of the caseload.
Time-series data on the numbers of new entrants, either alone or as a
percentage of the caseload, should provide additional leverage in con-
trolling for the unobservables determining post-treatment variation in
numbers of new entrants. In the final analysis the issue will be whether
controlling for such observables leaves the conditional treatment varia-
tion independent of the remaining unobservables affecting post-
intervention entry.!”

The use of historical administrative information on caseload and en-
try sizes involves the same type of analysis as that generally conducted
in studies of “caseload modeling.” Caseload modeling has been con-

17. This procedure 1s exactly analogous to the type of procedure that must be followed
with individual data 1n any nonexperimental analysis.
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ducted for many years (see Lyon et al., 1975, for an early example) and
has been used for a few recent program evaluations—see Chapter 1 in
this volume by Greenberg and Wiseman, the studies discussed in Chap-
ter 3 by Fishman and Weinberg, or the recent evaluation of the Massa-
chusetts ET program by O’Neill (1990). However, it is the exception
rather than the rule in these evaluations that entry, rather than caseload
size per se, is the focus of the analysis.

The experience with caseload modeling has not been very favorable
to date, for estimated caseload models are often found to be unreliable,
nonrobust, and sensitive to specification. It is not clear whether this
instability is a result of estimation with data from only one city or one
state, as most caseload models have been, or a result of the inherent loss
of information involved in the use of aggregate data.

The latter difficulty can be surmounted by replacing the traditional
method of caseload modeling with an analysis of individual microdata
drawn from the administrative records of the welfare system. Samples
of records drawn from the records of all the sites in the analysis, and
drawn for several periods in the past and into the future, would furnish
information on individual characteristics that has been lacking in tradi-
tional caseload models. Moreover, collection of individual welfare histo-
ries from administrative records would permit an individual-specific
analysis of entry (and exit) that is not possible with aggregate data.!®

To date, the only evaluation effort to use a similar approach to this
is the RT1 OBRA evaluation, which used administrative information on
the welfare experiences of two cohorts of recipients, one pre-OBRA and
one post-OBRA, both of whose experiences were followed over a one-
year period through administrative records. As noted previously, the
evaluation failed to examine entry effects, but this could be remedied
by collecting data on new entrants, or what are sometimes called “re-
plenishment” samples. In addition, a complete analysis of this type
would require two other significant extensions of the OBRA evaluation
frame. First, more extensive histories on the welfare recipients should
be collected, because one-year histories are unlikely to furnish sufficient
control to guarantee conditional exogeneity of the typical treatment
variables that are available. Second, more than two cohorts will in gen-
eral be required to control for time-varying effects. Indeed, ideally a
periodic sample of new entrants in every month or every few months

18 Use of microdata does not mean that the aggregate data must be i1gnored, the
aggregate informaunon can sull be used in conjunction with the microdata See Lancaster
and Imbens (1989) for an econometric discussion of this 1ssue
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for several periods prior to and subsequent to the intervention should
be collected, with each cohort of new entrants then followed through
the administrative records for the duration of the study.'® One of the
additional products that could be constructed from such a data base
would be a sample of “ever on™ individuals, namely, a sample of those
members of a particular eligible population who were ever on welfare
in the past. This sample could implicitly serve as a proxy for the unob-
servable discussed at the beginning of this section, namely, the popula-
tion of eligibles from which new entrants are drawn.

Obtasning Adequate Cross-Sectional Treatment Vananon. It is worth noting
in conclusion to this discussion of nonexperimental methods for estimat-
ing entry effects that it is particularly important for all nonexperimental
evaluations, both those on entry and those on exit, and both those with
representative-population samples and those with administrative data
only, for the data collection effort to include a detailed characterization
of the treatment offered in each site. Such a characterization is generally
obtained in fair detail in experimental studies because the analysts are
more directly involved in the administration of the treatment, but a
similar level of detailed characterization is generally missing from non-
experimental studies. The RTI evaluation, for example, was significantly
hampered by the lack of any cross-sectional treatment variation whatso-
ever, even though the implementation of the OBRA rules did vary across
the states; the RTI evaluation therefore relied solely on a time-series,
before-and-after method of inference. Other evaluations (including ran-
domized experiments) sometimes include a process analysis, but its re-
sults are rarely as integrated into the impact analysis as is necessary. This
issue will be particularly important in any nonexperimental evaluation
efforts conducted for the effects of the Family Support Act, for that
act permits considerable cross-sectional variation in both the types of
programs offered under the JOBS legislation and the character of the
Medicaid and child-care extensions offered in each area.

Entry Effects and the Evaluation of Earnings Impacts

As noted earlier in the review of past evaluations, the neglect of entry
effects in past evaluation efforts could have a deleterious effect on the
earnings impacts estimated in those studies as well. The conditions un-

19 Supplementing these data with administrative information on earnings would add
significant power to the analysis as well.
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der which a problem will arise are demonstrated in formal terms in
Mothitt (1990), but the intuition for the results given there is not difficult
to obtain.

There are three conditions that must hold for a problem to arise. The
first is that the effect of the treatment on earnings must vary across
different individuals. This is a rather plausible eventuality, for different
individuals no doubt differ in their past skill levels and therefore in
their ability to take advantage of the training and other opportunities
offered by welfare employment programs, for example. Indeed, discus-
sions of “creaming,” “targeting,” and differential impact of employment
programs for the more disadvantaged and the less disadvantaged im-
plicitly presume that treatment impacts do vary across individuals.

The second condition is that an individual’s likelihood of being on
welfare is correlated with his or her ability to gain from the treatment.
It is also quite plausible that this might be the case, for if the individual’s
ability to gain from the program is correlated with her underlying em-
ployability, for example, it will certainly be related to her probability of
being on AFDC in the first place because that probability will be highly
related to employability.

The third condition is that the evaluation is conducted by examining
only those on welfare at the time of the intervention. As noted in the
review of past evaluations, this has been the case for most experimental
and nonexperimental evaluations.

If these three conditions hold, a problem will arise in the estimation
of earnings effects because the estimated magnitude of those effects will
change if the participation rate does, and that participation rate will
change if there are entry effects in response to the intervention. The
magnitude of estimated earnings effects will be dependent on the mag-
nitude of the participation rate because individuals with a higher proba-
bility of participating in AFDC have different treatment responses, as
discussed in the second condition above. Thus, for example, if an inter-
vention involving a successful employment program draws new individ-
uals onto the rolls and if, for illustration, those new entrants have higher
labor force skills and are more employable than those on the rolls at the
time of the intervention, then the average earnings impact of the pro-
gram among those on the rolls after the intervention will presumably
gradually rise. If those newly entering the rolls have lower levels of skills
than those initially on, the opposite would result.?’

20 Here 1t is implicitly assumed that the earnings impact of the employment program
1s positvely correlated with the level of skills and employability. This 1s not obvious, the
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A simple means of addressing this problem is to build into the design
of the evaluation a means by which the dependence of mean estimated
treatment responses in different sites on the participation rate can be
explicitly estimated. Either by stratifying the sample on the initial partici-
pation rate or by examining participation-rate variations that naturally
occur in the sample as part of the analysis, an evaluation with sufficient
numbers of sites would permit the correlation of site-specific earnings
effects and participation rates. Then, once an analysis of entry has been
conducted and estimates of the effect of the intervention on participa-
tion rates have been obtained, the change in the mean earnings effect
can also be estimated.

Conclusions

The neglect of program entry considerations is one of the most striking
characteristics of the majority of program evaluations in the area of
welfare and training. Yet, as stressed in this chapter, a careful consider-
ation of program entry effects is required to properly estimate long-run
effects on the caseload, on the costs of the program, and, possibly, on
earnings and labor supply as well. The evaluation of entry effects. as
well as the more general evaluation of long-run effects on program
participation, requires somewhat different methods than does the evalu-
ation of effects on program exit or on earnings conditional upon pro-
gram participation. Although experimental methods are still feasible,
they require randomization across sites rather than across individuals
and are subject to limited-duration problems. Consequently, the relative
advantage of experimental methods is considerably reduced for the esti-
mation of entry and participation-rate effects. Nonexperimental analy-
ses, even those which use administrative data only, are more likely to be
feasible for such estimation.

Why the study of entry effects has been so extensively neglected in
the program evaluation literature is not completely clear. It is possible
that the experimental paradigm, which serves as a conceptual model
for most evaluations including those conducted with nonexperimental
methods, has focused attention away from the study of entry rate ef-

reverse may be the case, for example If so, the direction of change in mean treatment
effect magnitudes will be reversed. The point is the same, indeed, this serves to demon-
strate the importance of esumating these effects to determine the direction of the bias
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fects. Because conventional experimental methods are not particularly
well suited for the analysis of entry, they do not lead analysts ordinarily
to consider entry effects at the time of evaluation design.

It is also worth stressing that experimental methods may of course
still have a comparative advantage in addressing other outcomes such
as exit and earnings impacts, although there is considerable disagree-
ment in the literature even on this issue. But presuming that there are
cases where the powerful advantages of experimental methods can be
exploited, there is still a strong case for the supplementation of those
methods with nonexperimental analyses of entry. It is quite possible
that a combined experimental-nonexperimental analysis could provide
treatment-effect estimates that complement each other, and could pro-
duce net impact estimates that are considerably stronger than the sum
of the parts that could be obtained from either type of evaluation con-
ducted individually.
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